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Abstract ; Aiming at the problem that the traditional JavaScript malicious code static detection has a large
workload of sample tags, and because of high sample redundancy, insufficient generalization ability and
low classification accuracy,a new support vector machine is proposed. The self-learning strategy VASVM
optimizes the selection strategy of the most valuable samples through the definition of value metrics. At the
same time, it adjusts the balance of the training set iteratively , which improves the generalization ability of
the training set and the convergence speed of the training process. Then based on this,the NE-SVM algo-
rithm is used to tailor the training set selected by VASVM to reduce the sample redundancy and further
improve the generalization ability. Finally, the NE-VASVM system based on VASVM strategy and NE-
SVM algorithm is obtained. The experimental results show that the JavaScript malicious code detection
system based on NE-VASVM effectively reduces the workload of manual marking and improves the accu-
racy of the classifier.
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